Many medical imaging techniques help in learning human brain. Magnetic resonance imaging, is a technique which is very efficient in differentiating between soft tissues. There are some techniques that accomplish the goal of tissues detection and extraction. The main objective is to provide a reliable tool to evaluate brain, by improving tissue contrast and visualization, thus reducing workload of specialist in the area. This allows a further systematic follow-up of the evolution of tumors or its treatment. A solution to this problem is offered by semi supervised anomaly detection after spatial normalization. It makes use of normal data modeling and then a distance measure and thresholding to determine abnormality in MRI. The estimation of the probability density function is usually used to treat every image as a network of locally coherent image partitions (overlapping blocks). So a strictly concave likelihood function for estimating abnormality onto each partition have been formulated and the local estimates are fused into a globally optimal estimate that satisfies the consistency constraints. Fuzzy based approach can be defined to enhance the performance of the system by providing active learning based approach. Fuzzy clustering algorithms proposed an energy-minimization approach to the coherent local intensity clustering (CLIC), with the aim of achieving tissue clustering of abnormalities properly. This approach provides efficient system for the easy detection of abnormalities.
Refer ences
-Evangelia,I. &quot;Abnormality Segmentation in Brain Images Via Distributed Estimation&quot;. IEEE Transactions On Information Technology In Biomedical. Vol. 16 ,May 2012,no. 3. -W. L. Cai, S. C. Chen, and D. Q. Zhang. &quot;Fast and robust fuzzy c-means clustering algorithms incorporating local information for image segmentation&quot;, Pattern Recognit. vol. 40, Mar 2007,no. 3, pp. 825-838. -S. Dambreville, Y. Rathi, and A. Tannenbaum, &quot;A framework for image segmentation using shape models and kernel space shape priors,&quot;IEEE Trans. Pattern Anal. Mach. Intell. , vol. 30, Aug 2008 , no. 8, pp. 1385 -1399 -K. Sikka, N. Sinha, P. K. Singh, and A. K. Mishra, &quot;A fully automated algorithm undermodified FCM framework for improved brain MR image segmentation,&quot; Magn. Reson. Imaging, vol. 27, Sep 2009 , no. 7, pp. 994-1004 -M. S. Yang and H. S. Tsai, &quot;A Gaussian kernel-based fuzzy c-means algorithm with a spatial bias correction,&quot; Pattern Recognit. Lett. , vol. 29, Sep. 1, 2008 , no. 12, pp. 1713 -1725 Reson. Imag. , vol. 15,2002, pp. 203-209. -M. Kamber, R. Shinghal, D. L. Collins, G. S. Francis, and A. C. Evans,&quot;Model-based 3D segmentation of multiple sclerosis lesions in magnetic resonance brainimages,&quot;IEEETrans. Med. Imag. , vol. 14, Sep. 1995,no. 3, pp. 442-453 Dronkers, &quot; Voxel-based lesion-symptom mapping,&quot; NatureNeurosci. , vol. 6, 2003,pp. 448-450. -G. H. L. Lemieux, K. Krakow, and F. G. Woermann, &quot;Fast, accurate,and reproducible automatic segmentation of the brain in weighted volume MRI data,&quot; Magn. Reson. Med. , vol. 42,1999,pp. 127-135. 
